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A Dynamic Prediction Mechanism Based on Exponential
Smoothing Method

SHEN Hai-di, WAN Zhen-kai
(College of Computer Science and Software , Tianjin Polytechnic University , Tianjin 300387 , China)

Abstract ; Real time prediction for data and developing the work plan in next phase is significant for the production of life. There are many
prediction models in the present stage in which the exponential smoothing method is widely used in short—term forecasting. In view of
problems of the traditional forecasting model like single way, fixed forecasting mode,not better following the trend of the change of the
data and the limitation and so on,a dynamic prediction mechanism based on the traditional model is proposed. It selects a certain step of
data in the prediction process and acquires variable smoothing coefficient according to the actual changes of data. The smoothing coeffi-
cient can be adjusted automatically according to the change trend of the actual data, making the forecast model can be traced to the actual
trend of the data in the prediction process, which has a higher adaptability. In the simulation experiment, the actual usage frequency of the
multimedia classroom in a college is used as the experimental data to compare the modified model and the traditional model. The result
shows that the modified dynamic prediction mechanism has higher prediction accuracy,and the model is simple and easy to use,and can
meet the needs of the actual situation.
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