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Indoor Acoustic Source Localization Method with LDA

YANG Yue,GU Xiao-yu
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Abstract; The method based on pattern classification can overcome the deficiency of traditional acoustic source localization algorithms
which has an insufficient robust ability in the harsh environment of small SNR and severe reverberation. Among them, Naive Bayes classi-
fier has high location accuracy with a small amount of calculation and strong robustness. In order to achieve better localization perform-
ance, Linear Discriminant Analysis (LDA) classifier is adopted to locate acoustic source on the basis of former research. It has been test-
ed by Matlab, while the Phase Transform Generalized Cross—Correlation (PHAT-GCC) function would be used as feature vector. LDA
classifier has been trained through projection transformation which could help to find a better feature space to discriminate the feature da-
ta. Subsequently , the source would be located in different reverberation and noisy conditions to compare the performance with LDA classi-
fier and Naive Bayes classifier. The simulation results have demonstrated that LDA classifier is a better choice in harsh environment and
that the location accuracy of LDA classifier is higher than that of Naive Bayes classifier by 1% to 2% ,especially in severe reverberation
environment.
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