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Short-term Wind Speed Forecasting by Using Hysteretic ELM Model

YU Ao,CHEN Liang,PENG Jing-tao
(College of Information Science and Technology ,Donghua University , Shanghai 201620, China )

Abstract : The wind,as one of the most promising energy ,has been developed by many countries in response to the energy crisis,and the
wind speed prediction is the premise of wind farm output prediction. Many wind speed prediction methods are adopted to get high predic-
tion accuracy and prediction of time presently. In order to improve the prediction accuracy and time of wind speed time series,a wind
speed prediction method based on hysteresis ELM algorithm has been proposed. ELM algorithm is a new type of neural network, and it
has high computational efficiency and superior performance,which can avoid local minimum. Hysteresis characteristics have been intro-
duced in neural network via changing neuronal excitation function to enhance influence of the response history to the current input and
thus to improve the utilization rate of useful information and to promote the wind speed time series prediction performance. The simulation
results show that compared with the ELM model, the hysteresis ELM model can reduce prediction error of wind speed time series effec-
tively for improvement of prediction accuracy and decreasing of prediction time.
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