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EEG Feature Extraction Method Based on ERD and Accumulated Power
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Abstract: In order to improve the accuracy of classification based on motor imagery brain—computer interface, a feature extraction method
based on the combination of the Event Related Desychronization ( ERD) feature and accumulated power feature has been proposed , which
extracts ERD band power feature from EEG signal and uses Linear Determination Analysis (LDA) classifier to classify band power fea-
ture. The LDA classifier’ s output D has been taken as confidence level of classification. When it is bigger than the threshold, the motor i-
magine status has been judged for extraction of accumulated power feature and combining ERD band power feature with accumulated
power feature to construct a new vector with combination features. Classification has been conducted with LDA classifier and thus the fi-
nal results of classification have been achieved. Experiments for verification have been carried out with BCI 2003 Competition’ s Data III.
The evaluation criteria are classification accuracy and mutual information. A comparison of classification results with teams use the same
dataset has been made. The best classification accuracy of proposed method is 90% ,and the best mutual information is 0. 51. The compar-
ison show that the proposed method is superior to the most of teams used the same dataset and that it is feasible and effective which can
act as a reference for design of online BCI system.
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