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Speaker Recognition with i—vector and Deep Learning

LIN Shu-du,SHAO Xi

(College of Communication and Information Engineering , Nanjing University of Posts and

Telecommunications , Nanjing 210003 , China)

Abstract; To improve the performance of speaker recognition systems,a novel scheme combined DNN ( Deep Neural Network) model
with the i—vector model has been proposed. Via construction of network , the hidden information in the voice of speakers has been extrac-
ted accurately. Although DNN model can help dig a lot of information, the i—vector features have not completely cover all dimensions of
voiceprint. Thus i—supervector characteristics of higher dimension have been drawn with the i—vector features, which have effectively a-
voided the unnecessary loss of information. Experiments on TIMIT and other speech databases which contain 630 the speaker’ s voices for
training , validation and testing have been conducted to verify the proposed scheme. The results illustrate that the i—supervector features

with i—vector features for speaker recognition have achieved 30% reduction of equal error rate that implies effectiveness of the identifica-
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tion method proposed.
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