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Abstract; K-means algorithm is the one of most classical clustering algorithms with repartition and has been widely used because it’ s re-
ally concise and efficient. What’ s more, it has advantages such as being easy to be implemented and low cost of complexity in running
time and storing space. However,it’ s normally initial number called K-value which cannot be precisely predicted by effective method.
The initial clustering center used to be chosen randomly,so that the result usually converges to local optimal solution, which makes the
latest clustering results inaccurate. The dynamic clustering algorithm of K-means based on multi-branches tree to determine the K-value
is an improved one. The improved algorithm has been designed to determine the most reasonable K-value by dynamically dividing and
merging cluster during the iterative process and partly solved the problem that clustering result converges to local optimal solution. Fur-
thermore , exploration for corresponding data structure model has also been conducted to the investigation of the algorithm mentioned. Hor-
izontal and vertical comparison with the binary K—means algorithm has been achieved. The comparison and analysis results show that the
improved K—means algorithm is independent of improved global data sets, which makes it more suitable for distributed computing plat-
form and that relative efficiency has been increased with increase of the size of the data set,especially in magnanimity data set. Therefore
the improved K—means algorithm has promoted the clustering performance and can lead to a more stable clustering result.
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