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Abstract ; Traditional spectral features ( such as MFCC) can be extracted from spectrogram features. However, the relation between spec-
tral features of adjacent frames has been ignored owing to frames division. What’ s worse, the extracted spectral features are uncorrelated
with the labels of corresponding targets, which lead to useful feature information lost. Therefore,a new Deep Spectral Feature ( DSF) al-
gorithm has been proposed,in which DSF features have been gained by applying spectral feature directly extracted from spectrogram for
Deep Belief Network (DBN) and a kind of bottleneck (BN) feature from the bottleneck layer has been obtained with least hidden layer
nodes number. To deal with the first drawback ,a method is proposed to extract characteristic parameters from adjacent frames that consist
of DSF features. What is more,owing to strong self-learning ability and substantial relationship with target labels in deep belief network,
the proposed DSF feature can supply a better solution to the second drawback of conventional spectral features. Experimental results show
that the accuracy of DSF feature with proper fine—tuning outperforms traditional MFCC about 3.97% in speech emotion recognition.
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