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Iris Localization for Visible-light Images Based on Hough Transform
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Abstract: As a crucial step in iris recognition, the iris localization algorithms, especially those dealing with iris images taken in visible—
light under non-ideal imaging conditions have received increasing attention recently. A localization algorithm for visible—light iris images
has been proposed to enhance the accuracy of iris localization. The strategy of localizing limbic boundary has been determined which is
carried out from out boundary to inner verge of iris to promote the accuracy of boundary location. To solve the problem in localizing lim-
bic boundary , the prior of color distribution has been utilized to remove the noise in the edge map of the iris image for increase of the ac-
curacy and speed of limbic boundary localization. Therefore , the relevance between center positions of iris and pupil has been utilized to
instruct the pupil boundary localization and the reflections in pupil region have been detected and removed with Hough transform on dis-
tance limitation to eliminate the noise effects and to reduce computation time via estimation of the pupil radius and center. Experimental
results demonstrate that the localization accuracy of the proposed method is higher than traditional methods and has more capabilities such
as dealing with iris images with occlusion, blur imaging,low contrast and interfering texture.
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