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Investigation on Gradient Tracking Algorithm with Quasi Newton Method
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Abstract; It’ s necessary to compute the orthogonal projection in the traditional iteration algorithms. In order to solve this problem, the
Quasi—Newton Method-based Gradient Pursuit (QNMGP) has been proposed,in which Quasi—Newton method is an effective one to
solve unconstrained optimization problems without need of the Hesse matrix at the same time. The amount of calculation has been reduced
and the convergence speed has been raised. The proposed algorithm can change the direction for solution of Quasi—Newton method in lim-
itation domain and then be applied in the gradient tracking algorithm. Based on MATLAB simulation platform,experiment tests for verifi-
cation,in which the proposed QNMGP is compared with other greedy algorithms on three performances like reconstruction time, mean
square error and peak signal to noise ratio. The simulation results show that the proposed QNMGP algorithm is more effective than other
algorithms in the same test environment and has advantage in reconstruction time.
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