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A Multi-objective Task Scheduling Based on Genetic and Particle
Swarm Optimization Algorithm for Cloud Computing
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Abstract ; How to schedule tasks reasonably remains a long-standing challenge in cloud computing. The process of the cloud task schedu-
ling has the characteristics of dynamic,so to optimize the scheduling strategy only from a single aspect cannot meet the needs of users. To
solve the above problem, from three aspects of task completion time, task completion cost and resource utilization , a multi—objective task
scheduling algorithm based on genetic algorithm and particle swarm optimization algorithm is proposed. Particle swarm optimization algo-
rithm is introduced into mutation operation of genetic algorithm which can not only give play to advantage of quick global searching speed
for genetic algorithm,but also apply particle swarm optimization algorithm’ s feedback characteristic to improve mutation operation and
convergence rate. CloudSim is adopted to simulate the cloud environment,and the GA and PSO is compared. The simulation results show
that under the same conditions, the combined algorithm outperforms other two algorithms on task completion time, task completion cost
and resource utilization. It is an efficient task scheduling algorithm in the cloud computing environment.
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