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Abstract: With the development of artificial intelligence , BP neural network,as one of the important technology,is widely used in stock
prediction. The neural network, which has the capabilities of non-linear approach, self-learning and self—adaption,is very suitable for sol-
ving some complex problems in the stock market. But there are many problems in practical applications result in its poor prediction,such
as low convergence speed and local minimum. In order to deal with the defects,an improved BP neural network is proposed by using Lev-
enberg—Marquardt (LM) algorithm to improve the gradient descent in BP neural network and Genetic Algorithm ( GA) to optimize the
network ’ s initial weights and thresholds. It enhances the convergence speed of the algorithm and the ability to search the global optimiza-
tion. The model is simulated on short—term stock price prediction and the results indicate that the improved BP model has high conver-
gence speed and accuracy.
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(GA) ;short—term stock price prediction
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