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Abstract: At present, the classification accuracy of face recognition in complex environment is not satisfied because of the background

clutter and other factors. To solve this problem,a face detection algorithm based on visual saliency has been proposed,in which graph

based visual salient algorithm is employed to extract salient maps of face region in complex environment and then threshold segmentation

and morphological operations is run to get the binary face marks and the centroid is taken as center as well as the minimum distance of the

region edge and centroid as side length to crop the accurate area of target face to achieve the goal of face detection in complex environ-

ment. Results of experiments on the LFW image database show that the proposed algorithm can accurately fulfill “matting” tasks and a-

chieve good results in face detection,the process of which needs no artificial participation,and can effectively exclude the interference of

pell-mell background besides having improved the detection rate,realizing the unsupervised face detection, providing a theoretical foun-

dation for intelligent research of face recognition.
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