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Face Detection Based on Skin Color and FBLBP Algorithm

WANG Pan,LI Shao-bo
(College of Computer Science and Technology , Guizhou University , Guiyang 550025 ,China)

Abstract: As a hot area of research,a number of effective face detection methods have emerged in recent years. Compared with the state
of art methods , the new face detection methods perform better in the speed and accuracy. Among these methods, FBLBP ( Flexible Block
—based Local Binary Patterns) algorithm has excellent performance. Only to use single method, in the multi—face environment, cannot
reach the desired effect. The skin color detection and FBLBP algorithm is combined. Skin color preprocess is carried out to extract the skin
color area and then the improved FBLBP algorithm is used to detect the face in the area extracted, so that the speed and accuracy of face

detection has greater improvement. For experimental verification, the Matlab programming is adopted to compare the FBLBP and im-
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proved FBLBP. As a result, the improved one has better performance in speed and accuracy.
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