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A Collaborative Filtering Algorithm Based on Interest of
User and Attributes of Item

ZHANG Ying-hui, SI Cai-xia
('School of Computer Science and Engineering , Northeastern University , Shenyang 110000, China)

Abstract; Using the analysis of project properties and user behavior provides the user with a valid solution recommended resources. It is
recommended by the interest of the user and item’ s attributes. To the user,according to analysis of the user registration display attributes
and the user’ s behavior data ( for browsing, viewing ,downloading and sharing of project resources) , as well as the quantization of the
history of user behavior, the users could be divided into different neighbors. For the project, the clustering of project could divided into
different resource types by its attributes and the evaluation of user to project. Therefore , the collaborative filtering algorithm is improved to
solve the problems of single recommended results, little evaluation matrix data,low accuracy of recommendation as well as cold start for
new users and new project. Recommended resources is achieved to change dynamically along with behavior and interest of users,to meet

their requirements, achieving the purpose of the personalized recommendation, avoiding the waste of time for user to search resources in

huge amounts of resources.
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For each item I, € I

If( I, not rated by U, )

By the U, s explicit attribute classification to the U, , get the U, ©

s User—Interest

Else

By the U, s explicit, implicit attribute and formulas(5) , get the
U, s User—Interest

End if-else

By formulas(1) finding U, ‘s nearest neighbor UN

End for

For each User U, € U

If ( I, not rated by U, )

By the 1, “s explicit attribute classification to the I, get the I, s
Item—Attribute

Else

By the [, “s explicit, implicit attribute and formulas(2), get the
I, ’s Item—Attribute

End if-else

By formulas(6) finding I, s nearest neighbor IN

End for

By the matrix decomposition, respectively, for the User—Inter-
est and Item—Attribute operated into low dimension of dense matrix

By formulas(7) get the user rating of item, then user is recom-

mended to take preliminary score first N
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