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Abstract; The power usage behavior analysis technology can be used to acquire costumer power usage pattern, adjust power generation
schedule and plan gird development. Thus, it is meaningful to power grid company. Traditional power usage behavior analysis only uses
small volume of data. The limited data will draw to inaccurate result. This problem can be solved by using large scale of data. In allusion
to the problem about electricity behavior analysis in the low efficiency of dealing with huge amounts of data,the Fuzzy C-Means cluste-
ring (FCM) parallel algorithm based on MapReduce is put forward. By decomposing the iterative process of FCM algorithm into two
steps of Map and Reduce, it can effectively improve the efficiency of similarity computing between the data objects and the clustering cen-
ters. On this basis, the four characteristics of resident electrical data are clustering analyzed by using the proposed FCM parallel algorithm.
The experimental results show that the proposed algorithm can improve the efficiency of mass data clustering analysis and also proves the
feasibility of the model.
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