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A Tourism Recommendation Algorithm Based on Fuzzy Clustering
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Abstract:In the field of tourism, tourists often get the information they need on the Internet before traveling,but the phenomenon of in-
formation overload online in tourism industry is becoming more and more serious, so that personalized information cannot be obtained by
users. The problems of sparsity and scalability exist in the traditional tourism recommendation algorithm based on collaborative filtering ,
and sometimes users can’ t express their needs and can’ t be satisfied with the recommendation based on the knowledge of the recommen-
dations. For these problems,a tourism recommendation algorithm based on fuzzy clustering is proposed, which is used for the users to rec-
ommend the tourism products that meet their needs and preferences. Tags are used by the algorithm to build user’ s preference models and
sights feature attribute model, fuzzy clustering on them. A new similarity measure is proposed. On this basis, the combination of content—

based and collaborative filtering technology is recommended. Experimental results show that the proposed algorithm can significantly im-

prove the efficiency, scalability and accuracy of the recommendation system.
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