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Naive Bayes Classification Algorithm Based on United Multi—attribute

XIE Xiao—jun', CHEN Guang—xi’
(1. School of Mathematics and Computer Science, Guilin University of Electronic Technology, Guilin 541004 , China;
2. Guangxi University Image Processing Laboratory,Guilin University of Electronic Technology,
Guilin 541004 , China)

Abstract; Naive Bayes classification algorithm imposes certain restrictions on the properties due to the conditional independence assump-
tion, which may reduce the classification performance. Aiming at this problem,in order to weaken the negative influence of conditional in-
dependence assumption on the classification results,a new Naive Bayesian classification algorithm based on multi attributes is proposed
from the point of view of structure expansion. In this algorithm, the combination of the maximum relative attribute dependency is selected
as a new condition attribute by computing the size of the combination of the conditional attributes with respect to the decision attribute.

The experiment results show that it is feasible and effective, especially for some of the properties between the correlation stronger data

sets, classification effect is particularly obvious.
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