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Improved SIFT Image Matching Algorithm

LI Yang,ZHAI She-ping
(School of Computer Science,Xi’ an University of Posts and Telecommunications,
Xi’an 710061 ,China)

Abstract:In many image matching algorithm, SIFT algorithm puts the scale space theory fusion into image feature point extraction
process based on the summary of the advantages of many traditional algorithms, so that it keeps the scale and rotation invariance for image
and in the external light illumination changes and other factors influence,can also match the image feature points accurately. But it still
exists great shortage in terms of affine transformation. Aiming at them , the SIFT method is used to extract image feature points and ASIFT
method is applied to carry out affine transformation for extracted feature points and to distribute direction,enhancing image anti affine and
maintaining the image rotation invariance. The experimental results show that the improved algorithm can achieve good results in enhan-
cing the anti radiation of the image based on the advantages of the original SIFT algorithm.
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