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Community Clustering Algorithm in Complex Networks
Based on Bulk Density
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Abstract; The association clustering algorithm of complex networks is a new emerging hot topic in the field of data mining. Traditional
intelligent optimization algorithm has better effect in clustering, but it has low execution efficiency and narrow application scope. Although
some heuristic algorithm has obvious advantages of clustering efficiency ,but compared with the intelligent optimization algorithm , univer-
sality still has not be improved. To improve the efficiency of community division algorithm, through the research of the concept of bulk
density in the field of materials science, puts forward a kind of association clustering algorithm based on bulk density. The experiment
shows that the algorithm proposed has obvious advantage in time and precision compared with other algorithms.
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