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Image Super-resolution Reconstruction Based on Local
Regression and Self-similarity

LI Xin,CUI Zi-guan,CHEN Jie,ZHU Xiu-chang
(College of Telecommunications & Information Engineering , Nanjing University of Posts and

Telecommunications , Nanjing 210003 , China)

Abstract ; In recent years,image super—resolution reconstruction based on samples has gradually become a hot research topic , which usual-
ly uses the external training samples. The similarity between the test image and the training samples affects the reconstruction results to a
certain extent. To solve this problem,a super—resolution image reconstruction algorithm based on local regression and self-similarity is
proposed. This algorithm, which makes use of the self-similarity between images at different scales and reconstructs the image by establis-
hing the first—order autoregressive model of the patches, could make full use of the information of the image itself, and replace the travers-
al search of self—similar patches with the sparse representation method. So it can guarantee the reconstruction quality even the number of
the self-similar patches is not enough. The experimental results show that the reconstruction quality of this algorithm is high. It can allevi-
ate the false high—frequency problem brought by the external training samples to a certain extent and have a good tradeoff between the re-
construction quality and reconstruction time.
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