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Abstract : The traditional application of numerical algorithms is widely used in the interpretation application of numerical weather predic-
tion. However with the increasing of the type and amount of algorithm input data,the completion time of it presents exponential growth,
which faces the bottleneck in the algorithm completion time performance. In order to break it,an execution module of stepwise multiple
regression and Kalman filter algorithm is developed based on the OpenCV library ( Open Source Computer Vision Library). A distributed
data storage model and parallel data access service are designed based on Hadoop framework,and the parallel strategy is designed based
on the Map-Reduce framework, then the parallelism execution module is achieved based on the implement of a multi—site input data par-
tition. The algorithm input and output data format are standardized. A Rest Web Service interface of parallel algorithm is designed. Opera-
tional trial in multi—user environment shows that this algorithm can meet the actual requirements of meteorological business greatly.
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