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Fault Diagnosis Method Based on Weighted Synthetic Minority
Oversampling Technique

HAN Zhi-yan, WANG Jian
(College of Engineering,Bohai University, Jinzhou 121000, China)

Abstract : The Synthetic Minority Oversampling Technique (SMOTE) is a famous oversampling method , whereas it doesn’ t consider the
distribution of samples and latent noises in the data. In order to improve the performance of SMOTE, a modified method, the Weighted
Synthetic Minority Oversampling Technique ( WSMOTE) ,is proposed. WSMOTE introduces the neighborhood union to classify the sam-
ples into several groups,and different groups have different importance. Then, WSMOTE generates synthetic sample according to the dif-

ferent importance. The proposed method has a better performance when dealing with class imbalance data and it is demonstrated through

its application to the semiconductor wafer fabrication process.
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