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Research and Application of Time Series Forecasting Based on Big Data
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Abstract : According to the detection accuracy and efficiency limitation of traditional time series forecasting methods when dealing with a
large amount of data,a new time series forecasting method is put forward to study how to apply the big data technology into Key Perform-
ance Index (KPI) prediction of mobile communication network, which is form of time series. First, it introduces the significance of KPI
prediction for mobile communication network and the defects of traditional time series prediction algorithm in this paper. Secondly, the
theoretical derivation of time series prediction algorithm based on the big data is presented according to the characteristics of mobile com-
munication network and time series. The time series is decomposed into four different components and the feature is extracted by the big
data method, and the forecasting analysis is carried out according to the results of the extraction. Finally it gives implementation process
and uses the real network KPI to carry out experimental comparative analysis for verification of the feasibility and efficiency of the big da-

ta method. The experimental results show that the big data method has higher precision and rate compared with traditional methods.
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