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Abstract ; Electrical Impedance Technology (EIT) is a kind of medical imaging technology taking the human’ s conductivity distribution
as the target. There are lots of advantages belonged to this technique such as non-invasive,no damage,real-time imaging, simple system
structure and lower price. But there are still serious ill-posed in solving its inverse problem. So compared with the mainstream medical
imaging technology,its imaging resolution is not good. Aiming at solving the low resolution and blurry boundaries in electrical impedance

tomography where the traditional Tikhonov regularization is used,a new optimization regularization algorithm is proposed in this paper. It
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takes the total variation of the normalized measured voltage as the regularization function and takes account of the inhomogeneous con-
A

ductivity ’ s sparse characteristics in electrical impedance image. The Two-step Iterative Shrinkage/ Threshold ( TwIST) algorithm is con-
application can significantly improve the image quality and boundary resolution.

sidered to solve the conductivity distribution. The performance of this new algorithm is tested through the different parts and different

numbers of imaging targets in the analog domain. The simulation shows that the studied regularization algorithm for biomedical imaging
=
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