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Abstract; In order to overcome the limitation of single mode emotion recognition, a novel multimodal emotion recognition algorithm is
proposed , taking speech signal and facial expression signal as the research subjects. First, the speech signal feature and facial expression
signal feature is fused,and sample sets by putting back sampling are obtained,and then sub-classifiers are acquired by Adaboost algo-
rithm. Second, the difference is measured between two classifiers by double error difference selection strategy. Finally , the recognition re-
sult is obtained by the majority voting rule. Experiments show the method improves the accuracy of emotion recognition by giving full

play to the advantages of decision level fusion and feature level fusion,and makes the whole fusion process close to human emotion rec-

ognition more, with a recognition rate 91.2% .
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