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Research on Gaussian Mixture Background Modeling Algorithm
Based on Texture Feature

FENG Pu, LI Yu-hui,LI Bo,YOU Xu-chen
(Faculty of Information Engineering and Automation, Kunming University of Science and Technology,
Kunming 650500, China)

Abstract; Moving target detection in the intelligent transportation system is a fundamentaland key issue. Traditional Gaussian mixture
model can better detect moving targets,but without considering the local characteristics of pixels,resulting in the error detection rate in-
creases of moving target. To solve these problem,on the basis of idea of subspace,an improved Gaussian mixture model algorithm based
on local texture features for pixel is put forward. It uses the average,standard deviation, maximum,minimum,and current pixel values a-
round pixel 5 * 5 image block as local texture features,and establishes Gaussian mixture background model for moving object detection.
After extensive comparison of experimental results,it shows that the algorithm can more accurately and completely detect moving targets
and has good environmental adaptability. When the color of moving target area is similar with corresponding background area, the detec-
tion results improved is obvious.

Key words: moving target detection ; Gaussian mixture model;local texture feature ;background model
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