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HUANG Chun-hua'?,CHEN Zhong—-wei’, LI Shi—jun'
(1. School of Computer, Wuhan University , Wuhan 430072 , China;
2. Dept. of Industry and Information,Guangxi Talent International College, Qinzhou 535000, China)

Abstract; It simply introduces the basic thought of Bayesian decision tree method in this paper, which takes advantage of the prior infor-
mation method for Bayesian classification and the information gain method of decision tree,and makes up for the decision tree cannot
handle the ambiguity data and the missing value by adding Bayesian node. On this basis, a Bayesian decision tree algorithm based on
Naive Bayesian method and ID3 algorithm is presented named NBDT-ID3 algorithm. The algorithm process of the design and analysis is
introduced. Then the algorithm is applied to higher vocational admission data mining, which analyzes and forecasts the new student regis-
tration. It is tested and verified under the Matlab environment. The experimental results show that NBDT-ID3 algorithm not only can get
higher classification accuracy but also behave well in handling the ambiguity ,incomplete or incongruous data in the case of paying certain
of time.
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