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Study on Text Similarity Based on LDA Model

CHEN Pan' , YANG Hao',LU Pin'* ,WANG Hai-hui'**

(1. School of Computer Science and Engineering, Wuhan Institute of Technology, Wuhan 430073, China;
2. Hubei Province Key Laboratory of Intelligent Robot, Wuhan Institute of Technology , Wuhan 430073 ,China)

Abstract : LDA topic model is an unsupervised model which exhibits superiority on latent topic modeling of text data in the research of re-
cent years. Considering the disadvantage of the traditional topic model when dealing with the large—scale text corpuses,a method which
improves text similarity computations by using LDA model is proposed. It models corpus with LDA , parameters are estimated with Gibbs
sampling. Each document is represented for the probability distribution of fixed implied theme set and computed the similarity between the
texts. Finally, the K —means algorithm is selected as the evaluation index of text similarity. Experimental results show this method can im-
prove the accuracy of text similarity and clustering quality of text effectively compared with LSI model.

Key words: text mining ; LDA model ; Gibbs sampling ; text similarity
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