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Moving Object Shadow Detection Based on Regional Color Clustering

XU Jie, XIANG Wen-bo,MAO Yao-bin,SUN Jin—sheng
(Department of Automation,Nanjing University of Science and Technology,

Nanjing 210094, China)

Abstract: A novel algorithm based on regional color feature is proposed to detect moving shadow. First, an image equivalence method is
built to enhance the contrast between regions in the frame, and K — means is also used for the foreground cluster. Then, the statistical histo-
gram of color invariant feature is calculated in each cluster,comparing the similarity of histogram between foreground and background by
histogram similarity measuring method. Last, the shadow properties of regions are judged according to the similarity result. By comparison
with certain classical methods such as invariant color features based method, HSV color space based method and so on,the proposed
method performs better than some of them in terms of shadow detection rate and running time. The experimental results show that the al-
gorithm in this paper make full use of the color feature of region to detect the shadow effectively in multi—class view and has better real
—time.
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