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Design and Implementation of Human Characteristics
Detection Algorithm

ZHAI She-ping,LI Wei,LI Yang
(School of Computer,Xi’ an University of Posts and Telecommunications,
Xi’an 710121 ,China)

Abstract; Human feature detection is the basis of feature recognition technology which has been applied to many areas, from the face of
criminal investigation to fingerprint unlock in the field of mobile application is involved. In order to achieve the analysis and study of hu-
man characteristics detection algorithm,in platform on field—programmable gate array,a body feature detection algorithm based on SAda-
boost is presented. The algorithm combines the advantages of SVM and Adaboost classifier algorithm to reduce the dimension of human
characteristics and to achieve the detection of human characteristic elements by image classification processing. Entire design is based on
ZedBoard , which has a strong ability to reconfigurable and parallel processing,completing the design and implementation of human fea-
tures image detection algorithm, realization of detection for human body elements, including face, eye,and human framework. Through
comparative analysis of the experimental results, the validity of the algorithm is verified.
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FOR int i=0 to found.size()
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found_filtered

END

FOR int i=0 to found filtered.size()
B, T REEHE I R P
Rect r=found filtered[i];
r.x+=cvRound(r.width*0.1);
r.width=cvRound(r.width*0.8);
r.y+=cvRound(r.height*0.07);
r.height=cvRound(r.height*0.8);

END
rectangle(src,r.tl(),r.br(),Scalar(0,255,0),3);
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