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Feature Points Matching Based on Angle between Spectral
Coefficient of Images
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Abstract: An algorithm for images features points matching by representing geometric structure of images based on the angle between
spectral coefficient vectors was proposed. The algorithm defined Gaussian—weighted Laplacian matrices for the feature points of two ima-
ges respectively, obtaind the eigenvectors based on the result which was gotten by the singular value decomposition on the two matrices.
Gained a symmetric matrix with the cosine value of the angle between the weight. Then with the result of the decomposition of the sym-
metric matrix , get a relationship matrix which denoted the matching degree among feature points. Finally, the algorithm obtained feature

points matching of the two images with the relationship matrixes. Experiments on analog images, real—world images and synthetic data

demonstrate the effectiveness and feasibility of the approach.
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