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Face Detection Based on Cascade Adaboost and Exemplar Voting

CHEN Xiao,JIN Xin
(College of Computer Science and Technology ,Nanjing University of Aeronautics and Astronautics,
Nanjing 210000, China)

Abstract : In the conditions of complicated backgrounds and extreme illumination, face detection based on Adaboost algorithm usually has
a higher false positive rate. Present a cascade of two algorithms in this paper, Adaboost and exemplar—based voting,to detect face in static
images which is able to reduce the false—positives efficiently. This method utilizes LBP as features and a cascade Adaboost classifier is
used to detect faces,and a voting method based on sparse coding is used as the final classifier to verify face or non—face. The innovation

of the proposed method lies in combining sparse coding and part based model for face detection. The experimental result shows that this
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method can detect face with high detection rate, suppressing the error detection rate,with high robustness.

Key words: face detection ; LBP feature ; Adaboost algorithm;sparse coding ;exemplar—based voting
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