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Multi-hierarchy Emotion Analysis of Chinese Microblog
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Abstract : Focus on automatic classifying emotion expressed in Chinese microblog. At present, most of the research on emotion analysis of
microblog has focused on flat classification approach. The approach considers emotion categories are independent and coordinate of each
other. They are in the same flat level and need only one classifier to achieve the emotion classification task. In fact, the relationship be-
tween Ekman’ s six emotion classes is not completely independent. Ekman’ s six emotion classes are arranged into a tree structure accord-
ing to the relationship between emotional polarity and mutual relations. Based on this tree structure,,an approach of hierarchical emotion a-
nalysis of Chinese microblog based on Naive Bayesian Model is proposed. Compared with the flat classification,the experimental results
show that hierarchical classification method reduces the effect of the highly imbalanced distribution of the emotional categories on the
classification results,and improves the accuracy of microblog emotion analysis.
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