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Abstract; In recent years, software defect prediction is becoming an important part of the software engineering field. Many typical meth-
ods like SVM, random forest, decision trees and Bayes have been applied to software defect prediction. However, earlier research almost
takes the same feature set to train all kinds of software products and does not achieve a desired effect. Years later,some feature selection
method are proposed. For example, the method combined recursive feature elimination and SVM, has got a good effect. In this paper,
based on existing work , propose an algorithm which combines recursive feature elimination and Native Bayes. This algorithm will do a se-
lection of feature set before training the model according to the contribution of each feature to get the optimal feature subset to be the in-
put to train the model. The experiment adopts the software defect data set of NASA. Make a comparison with other machine learning
methods, the experimental results demonstrate the superiority and effectiveness of this method.
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