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A Video Compressed Sensing Algorithm Based on Novel KPCA

QIAN Yang,LI Lei
(College of Science,Nanjing University of Posts and Telecommunications,
Nanjing 210023, China)

Abstract ;: Aiming at the compressed sensing problems of video signal, which has a strong inter—frame correlation ,remove the lower trans-
form coefficients according to the energy concentration characteristics of KPCA transform. Therefore, the sparse representation of the vide-
o signals in the form of KPCA transform is achieved and the feasibility of the transform being used in compressed sensing is verified. Tak-
ing into account the problem of how to choose the best kernel function according to the specific problems when KPCA applied to extract
nonlinear feature components,adopt an adaptive mutation operator in the influence function of traditional culture algorithm, forming an A-
daptive Mutation Operator Cultural Algorithm ( AMOCA) ,and then combine it with KPCA to train kernel function. Most comparative
simulation results show that the proposed algorithm can effectively eliminate the inter—frame correlation of the video sequence with higher
reconstructed quality and better performance.
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