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Improved Collaborative Filtering Recommendation Algorithm
Based on Comments Mining

WANG Quan-min, WANG Li,CAO lJian—qi
(College of Computer Science, Beijing University of Technology ,Beijing 100124 ,China)

Abstract: With the rapid development of the Internet,electronic commerce website provide more choice for people,but information over-
load and information lost problems become increasingly serious, the personalized recommendation system has greatly improved this situa-
tion. Collaborative filtering recommendation algorithm is a popular recommendation algorithm, but with the increasing number of items
and users and the continuous expansion of the system,the serious user—item rating matrix sparse problem leads to a lower recommended
quality. In order to solve this problem, put forward an improved collaborative filtering recommendation algorithm, which introduces com-
ments mining technology into collaborative filtering algorithm to get the item score on each feature ,and then combine the feature of items
and the user score to calculate the item similarity, fill the predicted rating score into the user—item rating matrix , finally recommend to the
user based on the user—based collaborative filtering ideas. The experimental result shows that the improved collaborative filtering recom-
mendation algorithm improves the precision of the recommendation results.
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