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Abstract: The words similarity computation is widely used in the area of natural language processing. In this paper,based on the research
of words,concepts and sememe in HowNet,a new algorithm of word similarity based on information entropy is proposed. Firstly , similari-
ty of words surface is led in this paper for selecting words from words set reasonably. Secondly , weight of each sememe would be bal-
anced on the basis of information entropy to inhibition that common sememe would be much more than others in the sememe set what
would result in obvious error comparing with physical truth. Experimental results show that compared with traditional methods, the unrea-

sonable result like 1.000 is no—show, which means that the result is rational. In addition, this experiment is based on words set instead of

two words, which means that the method is more efficient.
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