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Abstract ;: Choosing the number £ of clusters based on the degree of correlation is a general problem for all clustering algorithms. Based on
the classical spectral clustering algorithm , propose a Spectral Clustering with Identifying Clustering Number based on Eigengap ( SC-IC-
NE) algorithm. The SC-ICNE algorithm computes eigenvalues and corresponding eigenvectors of normalized graph Laplacians sequen-
tially. Furthermore, the number of cluster % can be identified via the eigengap between the adjacent eigenvalues. Finally, the data can be
clustered using the first & eigenvectors with the £ —means algorithm. In the simulation, the effect of the Gaussian similarity function on the
cluster performance of SC-ICNE is discussed,and compare the cluster performance of SC-ICNE with the £ —means algorithm in non-
spherical convex data set and the UCI data set. Simulation results show that the SC-ICNE algorithm achieves high performance in terms
of clustering accuracy and identifying the cluster number.
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