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Abstract ; Image matching time includes feature extraction time and feature points matching time, reduction of image matching time can
enormously enhance the efficiency of image matching. Presently ,common matching algorithm extract features in the whole picture. Time
of feature extraction can be very long when the image be processed is big, which depresses matching efficiency. A fast image matching
method using a novel two-step searching strategy ( coarse—to—fine) is proposed in this paper. At coarse matching stage,a novel two—col-
umn histogram hashing is used to find approximate location where target object may appear,narrowing the scope of the ORB feature ex-
traction. In the refining stage,key points are detected and described in the coarser scales using ORB. The Euclidean distance strategy is
then employed to implement matching. Narrowing the feature extraction scale to a small area,so the whole image matching time is de-
creased largely. Experimental results show that the proposed approach outperforms the state—of—-the—art algorithms in the speed of image
matching on the premise of maintaining the high matching robustness.
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