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A Method of Obstacle Detection Based on Depth Information
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Abstract: To enhance obstacle detection and road extraction ability of the indoor mobile robot, present an obstacle detection method based
on depth information. Firstly , process the depth data by filtering and fill up the missing data. Then transform depth map to disparity map
and calculate U-V disparity map by horizontal and vertical direction projection histogram statistics. Based on preliminary road information
got by V disparity map,can fit a complete road plane by using the least square method. With twice segmentation of the U-V disparity
map by Otsu’ s method , extract the main information of obstacles and obtain the location of obstacle in the world coordinate according to
disparity relationship. Experiments show that Kinect can effectively improve the ability of obstacle detection and road information extrac-

tion for indoor mobile robot,and provide good navigation information.
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