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Music Emotion Classification Based on k—plane Piecewise Regression

SHAO Xi, WANG Hui-min
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and Telecommunications, Nanjing 210003 , China)

Abstract; In this paper,a piecewise regression approach of k —plane is employed in order to improve the classification accuracy of music
emotion based on regression. It solves the nonlinear regression problem directly through several iterations in high dimensional space con-
sisted by music feature and music emotion, predicting the valence and arousal values in the emotion model and classifying the music emo-
tion. To verify the performance of classifier, test the classifier on 300 music sample from a music dataset which is commonly employed in
MIREX , and the testing results on classification accuracy of the proposed approach are compared with the results from multiple linear re-
gression and support vector regression. The experimental results show that k£ —plane piecewise regression approach can achieve the higher

accuracy than the other two. That is to say the method of £ —plane piecewise regression can be effectively applied to music emotion classi-

fication.
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