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Abstract : Due to the advent of big data age, data sharing between business, governments and other parties is more and more frequent. Pri-
vacy preserving has become an important issue in data mining. In this paper,in view of horizontally partitioned data is easy to produce the
parties data privacy,collusion attack and new features of distributed,semi—honest partner,big data mining in the environment, propose a
clustering mining method to protect the privacy. Combined the advantages of RSA public key cryptosystem, homomorphic encryption

scheme and other cryptograph methods,can preserve the privacy of all parties on the premise of not reducing the mining accuracy. The

theoretical analysis shows that this method can guarantee the security, validity and correctness for result.
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