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A Parallel Biclustering Algorithm for Social Tagging

SUN Wen,HAN Li-xin

(College of Computer and Information,Hohai University ,Nanjing 211100, China)

information. Based on researching and analyzing the process of generating biclustering, propose an improved parallel geometric bicluster-
on social data.

Abstract; With the rapid development of social networks,a great number of social data can be acquired. Extracting the local information
ing method. By filtering the invalid biclustering which was generated in the process of combining sub-bicluster, the complexity can be re-

has become the focus in the research of social data. Compared with traditional clustering method , biclustering can better exploit the local

information of the social data. However,the computational complexity of biclustering is high, which is the bottleneck of mining the local

=]

duced. Moreover, by using the advantages of multi—core processors and the parallel algorithm,can improve the efficiency of biclustering
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