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Least Squares Support Vector Machine Based on Within-class Scatter

XUE Song,LI Lei

(College of Science,Nanjing University of Posts and Telecommunications , Nanjing 210023 , China)

Abstract : Support vector machine (SVM) is a popular machine learning technique,and it has been widely used in many real-world ap-
plications. Traditional SVMs aims at seeking the hyperplane that maximizes the margin and ignores an important prior knowledge, the
within—class structure. It formulates a Least Square Support Vector Machine (LSSVM) based on within—class scatter for binary classifi-
cation,, which incorporates minimum within—class scatter in Fisher Discriminant Analysis ( FDA) into LSSVM. The sample points are

mapped to a high dimensional feature space where the samples are classified by using the kernel method. Experiments on four benchmark-
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ing datasets based on UCI show that the proposed WCS—-LSSVM can improve the classification accuracy.
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