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Abstract ; Mathematical morphology operations are important methods in the field of raster data processing, with high degree of computa-
tional complexity and parallelism. GPU-based hypercore parallel computing method can significantly improve the calculation speed. How-
ever, GPU’ s global memory limits its application in large scale data. Present a block—based method for large scale data,based on a gener-
al purpose parallel computing architecture , after analyzing the present parallel method for raster data. The new method is specifically tested

with the classical dilation algorithm. Experimental results show that the calculation speed of the new method is faster than that of tradition-

al sequence algorithm based on CPU.
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