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Abstract: To solve the problem that resource contention and conflict between the various solutions in multi—objective optimization pro-
cessing ,and can’ t be convergence duo to the precocious brought by convergence, introduce a multi—sub—population co—evolution mecha-
nism to overcome these shortcomings. The algorithm has adopted different populations to optimize different targets. Meanwhile, it intro-
duces an external archive and elite learning strategies, in this way it can obtain more solutions of external archive to choose. Elite learning

strategies makes the algorithm has a better distribution and convergence. Finally, the algorithm is applied into the multi—objective test
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function, the experimental results show that the improved algorithm has a better convergence and distribution than NSGA_II.
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