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Abstract: Hadoop is a distributed computing framework which has been widely used for dealing with huge data. But Hadoop has some
disadvantages to process graph data. Because of strong coupling, graph structure data need multiple iterations which may contains several
MapReduce computations instead of one MapReduce computation. It costs too much to restart MapReduce job and exists unnecessary
transmission for static data in iteration. Propose map side storage strategy based on Hadoop, the static data is stored in map side and finish

some related computations with state data. This strategy could reduce whole running time. Experimental results have shown that map side
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storage strategy spends less time compared with previous strategy through Hadoop platform.
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