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Abstract: With the rapid development of the Internet and information technology , the online comments of users are also increasing. Using

computer technology to analyze emotional tendencies of large—scale network texts in the government’ s public opinion analysis and evalu-

ation of the company’ s product applications such as intelligent feedback has enormous development prospects. Mainly study the influence

of selecting different text features on the final classification accuracy of sentiment classification in this paper. Different text features studied

in the experiment include emotional words,adjectives,adverbs, modal and punctuation. The experimental results show that selecting emo-

tional words,adjectives,adverbs as feature items on sentiment classification can achieve good classification performance,and adding mo-

dal and punctuation features can effectively improve the sentiment classification accuracy. The research findings can be applied to social

public opinion analysis, filtering spam blog,commodity reviews and recommendations, film evaluation and so on.
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