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An Improved KNN Approach of Text Classification Based on
Association Analysis
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Abstract; The KNN algorithm is largely applied in text classification,one branch of data mining. On the basis of analyzing the deficien-
cies of the traditional KNN method,an improved KNN algorithm based on association analysis is proposed in this paper. In this method,
frequent feature sets for each class of training documents and associated documents should be extracted in advance. When a document with
unknown class is to be classified,by the use of the results of association analysis, the number of nearest neighbors, k can be decided, k
nearest neighbors can be found quickly from all classes of training documents, and the class of the document can be decided by the classes
of its neighbors. Compared with the traditional KNN algorithm, this method has greatly improved in the selection of the best number of
nearest neighbors. Moreover, it can also reduce the time complexity of the algorithm. The experimental results show that the proposed al-
gorithm has better efficiency and accuracy in text classification.
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