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Abstract ; In order to further improve the classification accuracy of SVM based on the cluster assumption, represent the similarity matrix of
the weighted undirected graph by linear-step transfer function to establish a cluster kernel based on graph, which alters the map distance
metric, so the distance between two points in the same cluster is smaller. Combining it linearly to the polynomial kernel function,a com-
bined cluster kernel for semi—supervised SVM based on graph is constructed. Then train support vector machine with it and obtain the
classification accuracy. Experiments show that,compared with the standard SVM algorithm, the classification accuracy of the proposed al-

gorithm is higher,and better than the individual ones. With the increase in the proportion of labeled samples, the classification accuracy of
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this algorithm is also increasing,using the information of unlabeled samples effectively.
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